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Abstract
Despite the importance of surface water to people and ecosystems, few studies have explored
detectable changes in surfacewater supply in a changing climate, given its large natural variability.
Herewe analyze runoff projections from theVariable InfiltrationCapacity hydrologicalmodel driven
by 97 downscaled and bias-correctedCoupledModel Intercomparison Project Phase 5 climate
projections over the conterminousUnited States (CONUS). Our results show thatmore than 40%of
theCONUS land areawill experience significant changes in the probability distribution functions (i.e.
PDFs) of summer andwinter runoff by the end of the 21st century, whichmay pose great challenges to
future surfacewater supply. Sub-basinmean runoff PDFs are projected to change significantly after
2040s depending on the emission scenarios, with earliest occurrence in the PacificNorthwest and
northernCalifornia regions.When examining the response as a function of changes in the global
mean temperature (ΔGMT), a linear relationship is revealed at the 95%confidence level. Generally,
1 °C increase of GMT leads to 11%and 17%more lands experiencing changes in summer andwinter
runoff PDFs, respectively. Such changes in land fraction scale withΔGMTat the country scale
independent of emission scenarios, but the same relationship does not necessarily hold at sub-basin
scales, due to the larger role of atmospheric circulation changes and their uncertainties on regional
precipitation. Further analyses show that the emergence of significant changes in sub-basin runoff
PDFs is indicative of the emergence of newhydrology regimes and it is dominated by the changes in
variability rather than shift in themean, regardless of the emission scenarios.

1. Introduction

Global warming is increasing the frequency and
severity of extreme hydrological events such as floods
and droughts around the world (Lehner et al 2006,
Dai 2013, Hirabayashi et al 2013, Dankers et al 2014,
Leng et al 2015a). The increasing frequency of extreme
hydrological events leaves an open question as to how
the changes in hydrology have evolved or when they
will emerge from the internal variability. In terms of
impacts, changes in hydrology become most relevant
when a novel hydrologic regime emerges, and detect-
ing the emergence of such changes from a baseline

period has great implications for designing adaptation
andmitigation strategies.

Previous studies defined the ‘time of emergence’ as
the point in time when observations or model simula-
tions show changes from a given baseline period above
natural variability. These effortsmainly focused on cli-
matic variables such as mean temperature and pre-
cipitation (Battisti and Naylor 2009, Diffenbaugh and
Scherer 2011,Mahlstein et al 2011, Hansen et al 2012),
extreme temperature and precipitation (Maraun 2013,
Scherer and Diffenbaugh 2014), and snow, temper-
ature and timing of streamflow (Barnett et al 2008).
Despite the importance of surface water to people, few
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have investigated the emergence of significant changes
in surface water supply in a changing climate. In addi-
tion, previous studies have often used model-based
signal-to-noise ratios (Hawkins and Sutton 2012),
ratios of standard deviations (std) tomean climatology
(Hansen et al 2012), or exceedances of a median value
(Diffenbaugh and Scherer 2011) to determine the time
of emergence. These studies did not take into account
the changes in probability distributions of variables of
interest (including mean, variability, skewness or
other high order moments), which would challenge
water management practices more than changes in a
single statistical moment of the distributions. Investi-
gating the emergence of significant changes in surface
water distributions from those seen in the baseline
period (i.e. emergence of new hydrology regime)
would provide more insights for climate adaptation
strategies.

The ongoing policy debates among governments
and organizations focus more on limiting the global
mean temperature rise (ΔGMT) to a target value to
avoid dangerous impacts (Meinshausen et al 2009,
Smith et al 2009, Joshi et al 2011). However, the gen-
eral public has not yet fully comprehended the regio-
nal impacts associated with a certain global warming
target. In other words, there is a need to effectively
translate changes in global mean temperature to the
societal and environmental consequences at regional
scale. A quantitative understanding of the regional
impacts in response to a specific global warming target
can inform policy-makers and local stakeholders for
designing better adaptation strategies. In this study, we
investigate future changes in surface water supply and
demonstrate the feasibility of quantitatively relating
global temperature changes to regional hydrologic
changes in the conterminous United States (CONUS)
at two spatial scales—the country scale and the sub-
basin scale. Specifically, we examine the following
questions: (1)Whenwill changes in runoff, in terms of
its PDFs and statistical moments, emerge significantly
from the baseline period (i.e., emergence of new
hydrology regimes)? What are the similarity and dif-
ference between the response of runoff and precipita-
tion distributions to global warming? (2) Are there
robust scaling relations between ΔGMT and the
emergent hydrologic regimes at different spatial
scales? (3) Which aspects of the probability distribu-
tion changes (i.e., mean, variability, or higher order
moments) lead to the emergences?

2.Data andmethodology

2.1.Hydro-climate projections
We used climate projections from 31 models that
participated in the Coupled Model Intercomparison
Project Phase 5 (CMIP5) (Taylor et al 2012) in this
study. The CMIP5 models represent notable changes
compared to the CMIP3models in terms of the higher

spatial resolutions, updated model physics, and new
greenhouse gas (GHG) emissions and land use land
cover change (LULCC) scenarios. We used the future
projections under four Representative Concentration
Pathway (RCP) scenarios (RCP2.6, RCP4.5, RCP6.0
and RCP8.5). In these GHG emissions and LULCC
scenarios, anthropogenic radiative forcing is capped
below 2.6, 4.5, 6.0 and 8.5 Wm−2, respectively,
throughout the 21st century (Moss et al 2010). The
CMIP5 climate projections were statistically down-
scaled to 1/8 degree resolution and bias-corrected
based on the observed climate (Maurer et al 2002) over
CONUS using the bias-correction and spatial-down-
scaling approach (BCSD) (Wood et al 2004) The
CMIP5 BCSD climate has the samemonthly climatol-
ogy as the observed climate in the overlapping period
of 1950–1999 (Reclamation 2013). The CMIP5 hydro-
logical projections (Reclamation 2014)were simulated
by the Variable Infiltration Capacity (VIC) model
(Liang et al 1994, 1996) driven by the CMIP5 BCSD
climate (Reclamation 2013) and archived at ftp://
gdo-dcp.ucllnl.org/pub/dcp/archive/cmip5/hydro.
The VIC model is a macroscale hydrologic model that
solves the water balance at each model grid cell with
representation of subgrid-scale variability (Liang
et al 1994) and has been widely used in assessing
climate change impacts on hydrology (Wood
et al 2004, Christensen and Lettenmaier 2007,
Maurer 2007, Vano and Lettenmaier 2014, Leng
et al 2015a, 2015d). A total of 97 hydrologic projections
over CONUS driven by the CMIP5 BCSD projections
are used in this study (table S1). These projections have
been evaluated (Wood andMizukami 2014) and a high
level of consistency is found in terms of the seasonal
mean and variability compared with the historical VIC
simulations, which were calibrated against observa-
tions (see supplementarymaterials).

2.2.Detecting the emergence of significant changes
in surfacewater distributions
Here, the two-sample Kolmogorov–Smirnov (KS) test
(Chakravarti et al 1967) is used to quantitatively
compare the probability distribution functions (PDFs)
of the historical and future time series. The KS test
returns a decision of true/false for the null hypothesis
that two time series are sampled from the same PDF.
The statistics is nonparametric andmakes no assump-
tions about the distribution itself, so it has been widely
used in hydro-climatic studies (Mahlstein et al 2011,
Russo and Sterl 2012, Runge et al 2016, Schaller
et al 2016). TheKS test is calculated as follows:
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where ( )F xm and ( )H xn are the empirical PDFs of the
future and historical time series of variable x,
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respectively (Van der Vaart 2000), i is the time step of
the time series, m and n are the sample sizes of the two
time series, respectively. I is the indicator function,
which equals 1 if X xi and 0 otherwise.

The distance between the empirical PDFs of the
two samples ( )Dm n, is calculated as follows:

∣ ( ) ( )∣ ( )= -D F x H xsup , 3m n x m n,

where sup is the supremum function for measuring
the least upper bound of the distances between ( )F xm

and ( )H x .n The null hypothesis of the KS statistics is
that the samples are drawn from the same distribution,
which is rejected at a confidence level a (set to be 95%
in this study).

( ) ( )> +
´

D i a , 4m n
m n

m n,

where ( )i a is the inverse of the Kolmogorov distribu-
tion at a. Values of D closer to zero indicate that the
future distribution is similar to that in the history.
Conversely, larger D values indicate the distributions
differ from each other. In this study, a significant
change is defined when the value of the KS test
statistics D is equal to 1.

2.3.Decomposition of the detected changes in
distributions
Statistically, changes in the distribution can be attrib-
uted to many aspects including the mean, variance,
skewness, or other higher order moments. In order to
quantify the respective contributions from these
factors to changes in the distributions, pseudo scenar-
ios are constructed based on statistical transformation
of the historical simulations. The first pseudo scenario
¢Vf i, is generated by scaling the historical simulations

with the ratios between the means of the future and
historical simulations.

( )*¢ = = ¼V V r i n, 1, 2 , 5f i h i, , ave

where Vh i, denotes the time series of historical simula-
tions, h denotes the historical time period, i is the time
step with length up to n, rave is the ratio between the
means of the future and historical simulations as
follows:

( )å å=
= =

r V V , 6
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n
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,

where Vf i, denotes the future simulations, f denotes
the future time period. The distribution of the
transformed time series (i.e., )¢Vf i, has the same shape
as that of the historical simulations but with the mean
shifted to that of the future simulations. The pseudo
scenario is then compared with the historical simula-
tions through theKS test.

( ) ( )= ¢S V VKS , . 7f i h i1 , ,

If =S 1,1 changes in the mean contribute to the
detected changes in PDF since only themean is altered
with other statistical moments remaining the same as
those of the raw historical simulations. Otherwise, the
second pseudo scenario Vf i, is constructed by scaling

the anomalies of historical simulations with the ratio
between the std of the future simulations to that of the
historical simulations as follows:

( )* = = ¼V V r i n, 1, 2 , 8f i a h i, , , std

where Va h i, , is the anomaly of historical simulation
(with respect to its long-termmean), rstd is the ratio of
the std of historical simulations to that of future
simulations.

( ) ( ) ( )=r V VSTD STD . 9f i h istd , ,

The transformed time series has the same mean as the
historical simulations but with its variability (i.e., std,
referred to as std hereafter) changed to be the same as
that of the future simulations. The pseudo scenario
( )Vf i, is then compared with the historical simulations
through theKS test as:

( ) ( )= S V VKS , . 10f i h i2 , ,

If = =S 1,2 changes in variability contribute to the
detected changes in PDFs. Otherwise, the third pseudo
scenario ‴Vf i, is constructed by scaling both the mean
and variability of historical simulations as follows:

‴ ( )* å= +
=

V V r V n 11f i a h i
i

n

f i, , , std
1

,

so that the transformed time series has the same mean
and std as that of the future simulations with other
statistical moments being the same as those of the
historical simulations. The third pseudo scenario is
then compared with the historical simulations
through theKS test as:

( ‴ ) ( )=S V VKS , . 12f i h i3 , ,

If = =S 1,3 changes in both mean and variability
contribute to the detected distribution changes.
Otherwise, changes in the distribution are due to
changes in the skewness and/or other higher order
moments.

2.4. Analysis
We applied the KS test to the period 1970–2099 for the
97 hydrological projections under the four emission
scenarios. For a given 30 yr time window, we counted
the fraction of grids within each spatial domain (e.g.,
country, sub-basin) with significant changes in dis-
tributions as detected by the KS test. The emergence of
significant changes is defined as the time when the
future distribution differs significantly from the base-
line period, and the distributions in all subsequent 30
yr periods also differ significantly from the baseline
period. We then constructed the relations between
ΔGMT and the land fraction experiencing such
changes. The sensitivity of land fractions experiencing
significant changes in distributions to ΔGMT was
tested at the 95% confidence level. ΔGMT was
calculated as the difference between the 30 year global
mean annual temperatures between the future and the
baseline periods. Based on the pseudo scenarios
generated, we attributed the future emergence of
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significant changes in distributions to changes in the
mean, variability or other higher order moments (see
section 2.3). The accompanying changes in extreme
events were calculated to represent the extreme event
changes at the time of such emergencies.

We focus on the summer (June–July–August, JJA)
and winter (December–January–February, DJF) sea-
sons. Basin-average projections are investigated at the
4-digit Hydrologic Unit Code (HUC4) spatial units
(http://water.usgs.gov/GIS/huc.html) to reduce spa-
tial noise. In addition, calibrations of the UW_VIC
dataset used in our validations were mostly conducted
at the HUC4 level, thus giving us greater confidence at
this spatial scale. Instead of using the preindustrial era
as the baseline period, global warming is defined here
as the global mean temperature changes relative to
1970–1999 as baseline. Given that the global mean
temperature has increased by about 0.8 °C since the
pre-industrial era by the end of the 20th century (Han-
sen et al 2006), readers can simply subtract our esti-
mates by 0.8 °C if changes relative to the pre-industrial
era are preferred. We acknowledge that themagnitude
of changes may differ if a different baseline period was
selected. Our calculations are performed for each
model and themulti-model ensemblemean is used for
analysis (Pierce et al 2009, Schwalm et al 2015, Leng
et al 2015b). The inter-model std is used to character-
ize themodel spread.Model agreement is used to indi-
cate the robustness of the changes. Here, if two thirds
of themodels agree on the sign of changes, the changes
are considered robust, which coincides with the stan-
dard used by IPCC in its probabilistic statements to
signify a likely outcome (Mastrandrea et al 2010).

3. Results

3.1. Significant changes in seasonal surfacewater
distributions during the 21st century
The country-mean DJF precipitation are projected to
increase in the 21st century across all four scenarios
except for the periods after 2040s under RCP2.6 when
GHG concentrations reach a maximum and begin to
decrease. However, little change is found for JJA
precipitation (figures 1(a)–(d)). Increases in DJF pre-
cipitation are progressively larger from the lower
emissions (RCP2.6) to the higher emissions scenarios
(RCP8.5). A similar progression is seen in the DJF
runoff, tracking progressively through RCPs 2.6, 4.5,
6.0 and 8.5. Compared to the JJA precipitation, much
larger percentage of decrease in JJA runoff is found
due to enhanced evaporative demand in response to
the increasing temperature (Milly et al 2005). In
contrast, DJF runoff is projected to increase much
faster than the corresponding precipitation, due to a
higher fraction of precipitation falling as rain instead
of snow (Leung et al 2004, Barnett et al 2005, Hidalgo
et al 2009, Das et al 2011). These seasonal changes are
more significant than the changes in annual runoff,
demonstrating the amplified seasonality of runoff
(figure S3). Notably, the uncertainty ranges for runoff
changes are much larger than precipitation for both
JJA andDJF, indicating the amplification of uncertain-
ties from precipitation to surface hydrologic
processes.

In addition to the changes in long-termmean con-
ditions of water resources, changes in the distribution
(i.e. PDFs) would be especially important for local
water resource management and adaptation strategies

Figure 1.Changes (%) inUSmean of summer (June–July–August, JJA) andwinter (December–January–February, DJF) precipitation
and runoff (top panel) and changes in the fraction (%) ofUS’s land experiencing significant changes in seasonal precipitation and
runoff distributions (bottompanel) relative to 1970–1999 period under four Representative Concentrations Pathway (RCP) scenarios.
The year denotes the 30 yr period centered at that year. Solid lines indicate themulti-model ensemblemean. Shaded areas denoted one
standard deviation for characterizing the inter-model spread.
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since shifts in the mean and/or variability of distribu-
tion indicate changing probability of extreme events.
Figures 1(e)–(h) shows the changes in land fraction of
CONUS experiencing significant changes in seasonal
precipitation and runoff (as detected by the KS test) in
the 21st century relative to 1970–1999. Generally, land
fraction experiencing significant changes in runoff
distribution is larger than that of precipitation in any
given timewindow. The fraction of lands experiencing
significant changes in JJA runoff distribution tends to
increase especially after the 2040s and peak at the end
of the 21st century under all emission scenarios except
for RCP2.6 after the 2050s (figure 1(f)). By the end of
the 21st century, about 40% of US land is projected to
experience significant changes in the JJA runoff dis-
tributions under RCP8.5 while the largest increase for
RCP6.0, RCP4.5 and RCP2.6 is 28%, 21% and 18%
respectively, potentially posing challenges to future
surface water supply. Compared to JJA, land grids
experiencing significant changes in DJF runoff dis-
tribution are projected to increase at amuch faster rate
and 50%, 40%, 35% and 27% of US land area will
experience such significant changes by the end of the
21st century, for the four RCP scenarios, respectively.
Compared to the smaller spread in precipitation chan-
ges in the mean, the spread in precipitation distribu-
tion changes tend to become larger than that of runoff,
suggesting that the spread in the variance of precipita-
tion is potentially larger than that of runoff.

Figure 2 illustrates the spatial pattern of the timing
of emergence of significant changes in seasonal runoff
(i.e. new hydrology regime) at the HUC4 level. The
timing of emergence in JJA runoff is detected around
2050s for a majority of the country with the earliest
emergence projected to occur in the coastal Pacific
Northwest and northern California currently in the
transient hydrologic regime. The spatial patterns of
the emergence time is consistent across the four emis-
sion scenarios with difference in certain regions such
as the Southeast and Upper Mississippi, and less than
30% model spread (relative to the mean) is found in
much of the HUC4 basins. The later occurrence of sig-
nificant changes under RCP2.6 suggests that the pro-
posed mitigation strategies to curtail global warming
can delay changes in hydrologic regime locally. Similar
patterns are found for DJF runoff with regions of ear-
liest detection generally located in the north and in
mountains (e.g., Rockies andAppalachian), suggesting
that the snowmelt runoff regime is most sensitive to
future warming (Leung et al 2004, Stewart et al 2005,
Barnett et al 2008).

3.2. Linkage between global temperature targets and
regional surfacewater changes
When examining the response of CONUS land
fraction experiencing significant changes as a function
of global mean temperature changes (ΔGMT) in
response to GHG emissions and LULCC, a linear

relationship at the 95% confidence level is revealed at
the country scale (figure 3). Generally, a 1 °C increase
of GMT leads to 13.2%, 11.0%, 11.2% and 9.7%more
land fractions experiencing changes in JJA runoff.
Notably, the sensitivity ranges among emission sce-
narios (i.e., 1.5%) as a function of ΔGMT is much
smaller compared to the sensitivity ranges as a
function of time periods (figure 1), demonstrating the
effectiveness of usingΔGMT rather than time period
as an index to derive impacts. By comparing with the
response of the corresponding precipitation, several
interesting findings are revealed. For example, the
increasing rate of runoff under the same increment of
GMT ismuch larger than the corresponding precipita-
tion changes especially in winter season, indicating
that runoff can be used as a better indicator of global
warming impacts than precipitation when surface
water availability is the indicator of interest. Impor-
tantly, it is found that land fractions experiencing
significant JJA and DJF precipitation changes scale
linearly with ΔGMT; the scaling is independent of
emission scenarios, with an uncertainty range (nor-
malized by the mean) of 5.8% and 9.0%, respectively.
These findings are consistent with previous studies
showing robust scaling relations between global
warming and global climate mean and extreme
impacts (Tebaldi and Arblaster 2014, Pendergrass
et al 2015, Seneviratne et al 2016). However, the
uncertainty in deriving the impacts on seasonal runoff
with a givenΔGMTbecomes larger (JJA, 13.12%,DJF,
20.9%) compared to precipitation, reflecting themore
variable runoff conditions compared to precipitation.

Spatially, JJA runoff responds more sensitively
than precipitation to global warming for all river
basins across the US with the largest changes projected
in Pacific Northwest and Upper Colorado basins
corresponding to changes in the snowmelt regime
(figure 4). As for the winter season, similar spatial
structures of precipitation and runoff responses are
found, but with much larger sensitivities. The larger
sensitivities in winter runoffmay arise from changes in
the phase of precipitation from snow to rain in a war-
mer climate (the sensitivity in precipitation amount is
much lower), thus contributing more directly to run-
off in winter. In extreme cases, more than 30% of
lands in river basins over the northwestern US will
experience such significant change in runoff distribu-
tions for each 1 °CGMT increase.

We further examine the scaling relations at the
HUC4 river basin scale to determine if similar rela-
tions hold at finer resolutions. Figure 5 shows the
HUC4 level uncertainties (%) in the derived relations
between ΔGMT and land fraction experiencing sig-
nificant changes in seasonal precipitation and runoff
distributions. It is found that large uncertainties exist
when usingΔGMT to derive the land fraction experi-
encing significant changes in both seasonal precipita-
tion and runoff PDFs at the HUC4 level. In extreme
cases, the uncertainty levels in some basins can be up
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to 70% (figure 5(a)). More than 70% of the HUC4
basins in CONUS are prone to uncertainties larger
than that at the country level (figure 5(b)). Instead of
the larger uncertainty in runoff than precipitation at
the country level for both seasons, 27% of the basins
will have larger uncertainty in precipitation than run-
off in winter. Overall, our results suggest that the sim-
ple linear relation between ΔGMT and surface water
changes does not hold at local scales, so the scaling
relations are scale-dependent.

3.3. Statistical decomposition of the significant
changes in surfacewater distributions
By decomposing the significant changes in seasonal
runoff distributions into changes of mean, std or

skewness/higher ordermoments, the contributions of
each factor to the emergence are quantified. Results
show that such emergence is explained largely by the
changes in the interannual variability, while changes in
the mean are responsible in very limited sub-basins in
the Southwest andGreat Plains (figure 6). Importantly,
the contribution of changes in variability is robust
across the four emission scenarios, with more than
two thirds of the models agreeing on the ensemble
results in most sub-basins across CONUS. For pre-
cipitation, the distribution changes are even more
dominated by changes in variability, implying that the
increase in variability in runoff is mainly driven by the
increase in variability of precipitation. Our results
demonstrate that the US seasonal basin-mean surface

50N

JJA DJF

R
C

P
85

R
C

P
60

R
C

P
45

R
C

P
26

40N

30N
(a) (b)

(d)(c)

(e) (f)

(h)(g)

50N

40N

30N

50N

40N

30N

50N

40N

30N

50N

40N

30N

50N

40N

30N

50N

40N

30N

50N

40N

30N

120W 100W 80W 120W 100W 80W

120W 100W 80W120W 100W 80W

120W 100W 80W120W 100W 80W

120W 100W 80W120W

2010 2020 2030 2040

Time

2050 2060 2070

100W 80W

Figure 2.Time of emergence for significant changes in basinmean summer (June–July–August, JJA) andwinter (December–January–
February, DJF) runoff distributions at theHUC4basin level. The time denotes the 30 yr period centered at that year when runoff
distributions differ significantly in and after that period relative to 1970–1999 period. The basins experiencing no significant
distribution changes during 21st century aremasked out as blank.Multi-model ensemblemeans are shown for eachRCP scenario
while dots indicate the areas where the inter-model range is less than 30%of themean.

6

Environ. Res. Lett. 11 (2016) 114003



water might experience a pronounced increase in
year-to-year variability in response to GHG forcing.
Such increase in variability can lead to the emergence
of newhydrologic regimes.

Indeed, JJA low flows (5th percentile) accompany-
ing the emergence are projected to decrease over a sig-
nificant portion of the US, especially in the
Northwestern US, by more than 30%, while increases
are projected in limited regions by ∼5% over South-
eastern regions (figure 7). In contrast, DJF low flows
are projected to increase over much of the US, with
decrease limited to Arkansas-White-Red and Texas-
Gulf basins (figure S4). The spatial pattern of changes
in high flow (95th percentile) is similar to that of low
flows with largest decrease of JJA high flows in

southern Rockies, California and Rio Grande Basins.
Compared to those in JJA, the magnitudes of increase
in DJF high flows are much larger and could exceed
40% in many basins. These changes would strongly
affect the incidence of floods and droughts in the
future and potentially represent a serious challenge to
adaptive response strategies designed to cope with cli-
mate change.

4.Uncertainty and limitations

By comparing with the historical VIC simulations,
which were calibrated against observations, a high
level of consistency is found in the CMIP5 BCSD

Figure 3.Changes in the fraction (%) ofUS’s land area experiencing significant changes in summer (June–July–August, JJA) and
winter (December–January–February, DJF) precipitation and runoff distributions as a function ofGMT increments (ΔGMT).Multi-
model ensemblemeans under the RCPs are shown. Values indicate the land fraction increases per 1 °CGMT increase under each
emission scenario. The linear relations are testedwith student-t test and are significant at the 95% confidence level.
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hydrological projections in terms of the seasonal mean
and variability (see supplementary materials). How-
ever, models that underestimate inter-annual varia-
bility tend to show larger exceedance rates and
vice versa. In some regions such as the Pacific North-
west where the CMIP5 BCSD climate produce rela-
tively higher variability, the estimates for the timing of
emergence may be slightly conservative (figures S1
and S2).

Besides model biases, there are some limitations to
our general conclusions, because certain factors that
affect runoff are not considered in our study. For
example, although the CMIP5 climate models include
LULCC following the RCP scenarios, offline simula-
tions by VIC ignore the LULCC so changes in runoff
related to land use and land cover are not represented.
Hence this study analyzes only the natural runoff
response to climate changes, although watershed
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Figure 5.Uncertainties (%) in using global temperature increments (ΔGMT) to derive the land fraction experiencing significant
changes in summer (June–July–August, JJA) andwinter (December–January–February, DJF) precipitation and runoff distributions.
Uncertainties are defined as the percentage of standard deviations of the derived relations among the four emission scenarios
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distribution function (CDF) of the uncertainties for all HUC4 basins.Horizontal arrows indicate the percentage ofHUC4basinswith
uncertainty equal to or lower than that at the country level (as shown by the number).
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characteristics are projected to change under global
warming and socio-economic changes and could
affect runoff by affecting biophysical properties such
as vegetation dynamics (Gedney et al 2006, Betts
et al 2007, Shi et al 2011, Lei et al 2014). The VIC
hydrology lacks a representation of groundwater and
surface water interactions (Maxwell et al 2007, Leung
et al 2011, Taylor et al 2013) so the potential effects of
groundwater in regulating surface hydrological varia-
bility are not captured in our analysis. In addition to
the natural hydrological processes, human influence
has been identified to be important in regional hydrol-
ogy through water withdrawals (Döll et al 2012, Leng
et al 2013, 2014) and land use changes (Piao et al 2007).
Leng et al (2015c) found that irrigation water use can
further exacerbate low-flow conditions in somewater-
sheds relying extensively on irrigation, especially in a
warmer climate. The extent to which these local fac-
tors interact with global warming and disturb the
basin-level long-termmean and variability of seasonal
runoff remains unclear and requires more explicit and
comprehensive coupled modeling studies in the
future. Hence, our results should mainly represent the
first-order impacts of global warming on regional sur-
face water.

In addition to uncertainties associated with the
hydro-climatic dataset used, we acknowledge that
there are limitations in the analyzing approach. First,
the period 1970–1999 was chosen as the reference per-
iod for detection of the emergence of new hydrological
regimes. However, the period 1970–1999 may already
include an anthropogenic signal that surpasses natural
climate variability, as shown in Barnett et al (2008). In

otherwords, our resultsmay indicate the emergence of
yet another regime with respect to 1970–1999. Hence,
our results are dependent on the reference period cho-
sen for analyses. Second, the emergence of new hydro-
logical regimes is linked to global temperature changes
to quantify regional impacts associated with a certain
global warming target. Given the simple relationship
between CO2 emissions and global warming targets as
documented in existing literature (Allen et al 2009,
Meinshausen et al 2009, Friedlingstein et al 2014,
Knutti and Rogelj 2015, Seneviratne et al 2016), we
were able to associate global warming targets to regio-
nal hydrologic impacts to better inform the general
public and policy-makers. However, it should be
acknowledged that GHG emissions are the real forcing
variables driving changes in both global temperature
and regional hydrology. In addition, cautions need to
be taken because such relations shall not be treated as
causality and linearity, due to uncertainties in climate
projections, downscaling algorithms, impact models,
and time varying land surface conditions. Third, when
the emergence of a new hydrological regime is detec-
ted, we then construct several pseudo scenarios to
explore whether such an emergence can be attributed
to changes inmean, variability or skewness in the PDF.
In each pseudo scenario, a specific statistical moment
of the historical climate is adjusted to be the same as
that of the future climate while other statistical
moments are kept unchanged. We only consider four
categories: changes in the mean or variability or both,
or higher order moments, without considering other
factors that could be potentially important. For exam-
ple, a non-significant change in variability and a non-
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significant change in mean might still result in a sig-
nificant change in the distribution, but such a case (if
exist) has only been taken into account in the fourth
category in a lumped sense.

5. Summary and conclusions

Global warming is affecting the water cycle at both
global and regional scales (Huntington 2006).
Although global changes in precipitation are well
constrained by energy, changes in regional water
resources are more variable and have not been clearly
quantified, especially when the probability density
distribution is of concern (including mean, variability,
skewness or other higher orders). Indeed, significant
changes in the full distributions, indicative of the
emergence of new hydrology regimes, could present
greater challenges to water management than changes
in a single moment of the distribution. In this study,
the results from 97 hydro-climate projections (Recla-
mation 2014) are used to examine the projected
changes in surface water resources. We focus on
summer andwinter seasons since the change in annual
mean runoff is generally small compared to that of
seasonal runoff (figure S3). In addition to examining
the changes as a function of time periods, we link
regional surface water changes directly to global
warming targets that could be interpreted more easily
for informing the general public on the needs for
adaptation andmitigation.

Our results suggest that significant changes in the
surface water distributions (i.e. PDFs) could be

detected at the local to regional scales, pointing to the
emergence of new hydrology regimes that could result
in great challenges to water resources management
across CONUS. Specifically, more than 40% of the
country’s land will experience significant changes in
summer and winter runoff distributions by the end of
the 21st century. The smaller magnitude of changes
for both summer and winter runoff under RCP2.6
suggest that drastic mitigation strategies against global
warming could effectively revert/relieve climate
change impacts on local water resources. Overall, the
emergences of significant changes in seasonal runoff
PDFs are projected to occur after 2040s across the
country with their timing depending on emission sce-
narios. The earliest emergence occurs in the 2030s and
is located in the Pacific Northwest and northern Cali-
fornia region where water supply is currently domi-
nated by snowmelt runoff. The timing of runoff
changes is much earlier than precipitation changes,
indicating that runoff is a more effective indicator of
global warming than precipitation in regions where
futurewater supply is a concern.

When examining the CONUS response as a func-
tion of global mean temperature changes (ΔGMT), a
linear relationship is revealed. Generally, a 1 °C
increase of GMT leads to 13.2%, 11.0%, 11.2% and
9.7% more land fractions experiencing such changes
in summer runoff distributions in the RCP scenarios.
These increasing rates with the same increment of
GMT are much larger than those corresponding to
precipitation, especially in winter. The emergence of
significant changes in runoff distribution was attrib-
uted to the changes in variability rather than shifts in
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the mean across the country, which is robust across
the emission scenarios.

This study stands out from previous hydro-climatic
impact studies by linking the emergence of new hydro-
logic regimes directly to global temperature targets, and
decomposing such emergence to changes in themean or
variability. Linking global temperature targets to regio-
nal consequences would be particularly informative for
decisionmaking at the regional scale, both in the context
of climate mitigation and adaptation. The range of the
increasing rate of land fraction experiencing significant
changes in PDFs per degree of global warming among
models is small at the national scale, indicating that
country-scale surface water distribution changes scale
with ΔGMT, independent of emission scenarios with
uncertainty range of 13.1% and 20.9% for summer and
winter runoff respectively. The scaling relations across
the forcing scenarios have great implications for inte-
grated assessment modeling which lack explicit climate
and land surface representations. However, the scaling
relationship does not hold at the sub-basin scale for
most of the country (with uncertainty larger than 30%
in 70%of the sub-basins) especially in the winter season
when large-scale circulation has more dominant con-
trols on regional precipitation. At larger scales, pre-
cipitation changes are dominated by thermodynamical
changes associated with warming, while at regional
scales, changes in large-scale atmospheric circulation
that influence precipitation changes have large uncer-
tainty due to the chaotic nature of atmospheric circula-
tion (Shepherd 2014). Hence, even for large river basins,
significant uncertainty is found in projecting changes in
precipitation from a large ensemble of simulations by a
singlemodel (Deser et al 2014). This study highlights the
relations between global temperature targets and regio-
nal surface water challenges, which could provide more
targeted and actionable information for adaptation and
mitigation in specific regions of interest.

Acknowledgments

This study was conducted with support from the
Subsurface Biogeochemical Research (SBR) program
through the PNNL SBR SFA, and the Integrated
Assessment Research program through the Regional
Integrated AssessmentModeling project sponsored by
the Biological and Environmental Research Division
of Office of Science, US Department of Energy. PNNL
is operated by Battelle Memorial Institute for the US
Department of Energy under contract DE-AC05-
76RLO1830. We acknowledge the World Climate
Research Programme’s Working Group on Coupled
Modelling, which is responsible for CMIP, and we
thank the climate modeling groups (listed in table S1
of this paper) for producing andmaking available their
model output. For CMIP the US Department of
Energy’s Program for Climate Model Diagnosis and
Intercomparison provides coordinating support and

led development of software infrastructure in partner-
ship with the Global Organization for Earth System
Science Portals.

References

AllenMR, FrameD J,Huntingford C, Jones CD, Lowe J A,
MeinshausenMandMeinshausenN2009Warming caused
by cumulative carbon emissions towards the trillionth tonne
Nature 458 1163–6

Barnett T P, Adam JC and LettenmaierDP 2005 Potential impacts
of a warming climate onwater availability in snow-
dominated regionsNature 438 303–9

Barnett T P et al 2008Human-induced changes in the hydrology of
thewesternUnited States Science 319 1080–3

Battisti D S andNaylor R L 2009Historical warnings of future food
insecurity with unprecedented seasonal heat Science 323
240–4

Betts RA, BoucherO, CollinsM,Cox PM, Falloon PD,GedneyN,
HemmingDL,HuntingfordC, Jones CDand SextonDM
2007 Projected increase in continental runoff due to plant
responses to increasing carbon dioxideNature 448 1037–41

Chakravarti IM, LahaRG andRoy J 1967Handbook ofMethods of
Applied Statistics vol 1 (NewYork:Wiley) pp 392–4

ChristensenNS and LettenmaierDP 2007Amultimodel ensemble
approach to assessment of climate change impacts on the
hydrology andwater resources of theColoradoRiver Basin
Hydrol. Earth Syst. Sci. Discuss. 11 1417–34

Dai A 2013 Increasing drought under global warming in
observations andmodelsNat. Clim. Change 3 52–8

Dankers R, Arnell NW,ClarkDB, Falloon PD, Fekete BM,
Gosling SN,Heinke J, KimH,Masaki Y and Satoh Y 2014
First look at changes in flood hazard in the inter-sectoral
impactmodel intercomparison project ensembleProc. Natl
Acad. Sci. USA 111 3257–61

Das T, PierceDW,CayanDR, Vano J A and LettenmaierDP 2011
The importance of warm seasonwarming towesternUS
streamflow changesGeophys. Res. Lett. 38 L23403

Deser C, Phillips A S, AlexanderMA and Smoliak BV 2014
ProjectingNorth American climate over the next 50 years:
uncertainty due to internal variability J. Clim. 27 2271–96

DiffenbaughNS and SchererM2011Observational andmodel
evidence of global emergence of permanent, unprecedented
heat in the 20th and 21st centuriesClim. Change 107 615–24

Döll P,Hoffmann-DobrevH, Portmann FT, Siebert S, Eicker A,
RodellM, StrassbergG and Scanlon B 2012 Impact of water
withdrawals from groundwater and surfacewater on
continental water storage variations J. Geodyn. 59 143–56

Friedlingstein P, AndrewRM,Rogelj J, PetersG, Canadell J G,
Knutti R, Luderer G, RaupachM, SchaefferM and
VanVuurenD2014 Persistent growth of CO2 emissions and
implications for reaching climate targetsNat. Geosci. 7
709–15

GedneyN, Cox P, Betts R, BoucherO,Huntingford C and Stott P
2006Detection of a direct carbon dioxide effect in continental
river runoff recordsNature 439 835–8

Hansen J, SatoM, Ruedy R, LoK, LeaDWandMedina-ElizadeM
2006Global temperature change Proc. Natl Acad. Sci USA 103
14288–93

Hansen J, SatoMandRuedy R 2012 Perception of climate change
Proc. Natl Acad. Sci. USA 109E2415–23

Hawkins E and SuttonR 2012Time of emergence of climate signals
Geophys. Res. Lett. 39 L01702

HidalgoH,Das T,DettingerM,CayanD, PierceD, Barnett T,
BalaG,MirinA,WoodA andBonfils C 2009Detection and
attribution of climate change in streamflow timing of the
westernUnited States J. Clim. 10 175

Hirabayashi Y,MahendranR, Koirala S, Konoshima L, YamazakiD,
Watanabe S, KimHandKanae S 2013Global flood risk under
climate changeNat. Clim. Change 3 816–21

Huntington TG2006 Evidence for intensification of the global
water cycle: review and synthesis J. Hydrol. 319 83–95

11

Environ. Res. Lett. 11 (2016) 114003

http://dx.doi.org/10.1038/nature08019
http://dx.doi.org/10.1038/nature08019
http://dx.doi.org/10.1038/nature08019
http://dx.doi.org/10.1038/nature04141
http://dx.doi.org/10.1038/nature04141
http://dx.doi.org/10.1038/nature04141
http://dx.doi.org/10.1126/science.1152538
http://dx.doi.org/10.1126/science.1152538
http://dx.doi.org/10.1126/science.1152538
http://dx.doi.org/10.1126/science.1164363
http://dx.doi.org/10.1126/science.1164363
http://dx.doi.org/10.1126/science.1164363
http://dx.doi.org/10.1126/science.1164363
http://dx.doi.org/10.1038/nature06045
http://dx.doi.org/10.1038/nature06045
http://dx.doi.org/10.1038/nature06045
http://dx.doi.org/10.5194/hess-11-1417-2007
http://dx.doi.org/10.5194/hess-11-1417-2007
http://dx.doi.org/10.5194/hess-11-1417-2007
http://dx.doi.org/10.1038/nclimate1633
http://dx.doi.org/10.1038/nclimate1633
http://dx.doi.org/10.1038/nclimate1633
http://dx.doi.org/10.1073/pnas.1302078110
http://dx.doi.org/10.1073/pnas.1302078110
http://dx.doi.org/10.1073/pnas.1302078110
http://dx.doi.org/10.1029/2011GL049660
http://dx.doi.org/10.1175/JCLI-D-13-00451.1
http://dx.doi.org/10.1175/JCLI-D-13-00451.1
http://dx.doi.org/10.1175/JCLI-D-13-00451.1
http://dx.doi.org/10.1007/s10584-011-0112-y
http://dx.doi.org/10.1007/s10584-011-0112-y
http://dx.doi.org/10.1007/s10584-011-0112-y
http://dx.doi.org/10.1016/j.jog.2011.05.001
http://dx.doi.org/10.1016/j.jog.2011.05.001
http://dx.doi.org/10.1016/j.jog.2011.05.001
http://dx.doi.org/10.1038/ngeo2248
http://dx.doi.org/10.1038/ngeo2248
http://dx.doi.org/10.1038/ngeo2248
http://dx.doi.org/10.1038/ngeo2248
http://dx.doi.org/10.1038/nature04504
http://dx.doi.org/10.1038/nature04504
http://dx.doi.org/10.1038/nature04504
http://dx.doi.org/10.1073/pnas.0606291103
http://dx.doi.org/10.1073/pnas.0606291103
http://dx.doi.org/10.1073/pnas.0606291103
http://dx.doi.org/10.1073/pnas.0606291103
http://dx.doi.org/10.1073/pnas.1205276109
http://dx.doi.org/10.1073/pnas.1205276109
http://dx.doi.org/10.1073/pnas.1205276109
http://dx.doi.org/10.1029/2011GL050087
http://dx.doi.org/10.1175/2009JCLI2470.1
http://dx.doi.org/10.1038/nclimate1911
http://dx.doi.org/10.1038/nclimate1911
http://dx.doi.org/10.1038/nclimate1911
http://dx.doi.org/10.1016/j.jhydrol.2005.07.003
http://dx.doi.org/10.1016/j.jhydrol.2005.07.003
http://dx.doi.org/10.1016/j.jhydrol.2005.07.003


JoshiM,Hawkins E, SuttonR, Lowe J and FrameD2011 Projections
of when temperature changewill exceed 2 °Cabove pre-
industrial levelsNat. Clim. Change 1 407–12

Knutti R andRogelj J 2015 The legacy of ourCO2 emissions: a clash
of scientific facts, politics and ethicsClim. Change 133 361–73

Lehner B,Döll P, Alcamo J,Henrichs T andKaspar F 2006
Estimating the impact of global change onflood and drought
risks in Europe: a continental, integrated analysisClim.
Change 75 273–99

LeiH, YangD andHuangM2014 Impacts of climate change and
vegetation dynamics on runoff in themountainous region of
theHaihe River basin in the pastfive decades J. Hydrol. 511
786–99

LengG,HuangM,TangQ,GaoH and Leung LR2014Modeling the
effects of groundwater-fed irrigation on terrestrial hydrology
over the conterminousUnited States J. Hydrometeorol. 15
957–72

LengG,HuangM,TangQ and Leung LR 2015cAmodeling study of
irrigation effects on global surface water and groundwater
resources under a changing climate J. Adv.Model. Earth Syst.
7 1285–304

LengG,HuangM,TangQ, SacksW J, LeiH and Leung LR2013
Modeling the effects of irrigation on land surfacefluxes and
states over the conterminousUnited States: sensitivity to
input data andmodel parameters J. Geophys. Res. Atmos. 118
9789–803

LengG, TangQ,Huang S andZhangX 2015bExtreme hot summers
inChina in the CMIP5 climatemodelsClim. Change 135
669–81

LengG, TangQ,Huang S, ZhangX andCao J 2015dAssessments of
joint hydrological extreme risks in awarming climate in
China Int. J. Climatol. 36 1632–42

LengG, TangQ andRayburg S 2015aClimate change impacts on
meteorological, agricultural and hydrological droughts in
ChinaGlob. Planet. Change 126 23–34

Leung LR,HuangM,QianY and Liang X 2011Climate–soil–
vegetation control on groundwater table dynamics and its
feedbacks in a climatemodelClim.Dyn. 36 57–81

Leung LR,QianY, BianX,WashingtonWM,Han J andRoads JO
2004Mid-century ensemble regional climate change
scenarios for thewesternUnited StatesClim. Change 62
75–113

LiangX, LettenmaierDP,WoodE F andBurges S J 1994A simple
hydrologically basedmodel of land surfacewater and energy
fluxes for general circulationmodels J. Geophys. Res. Atmos.
99 14415–28

LiangX,WoodE F andLettenmaier DP 1996 Surface soilmoisture
parameterization of the VIC-2Lmodel: evaluation and
modificationGlob. Planet. Change 13 195–206

Mahlstein I, Knutti R, Solomon S and PortmannR 2011 Early onset
of significant local warming in low latitude countriesEnviron.
Res. Lett. 6 034009

MaraunD2013Whenwill trends in Europeanmean andheavy daily
precipitation emerge? Environ. Res. Lett. 8 014004

MastrandreaMD, Field CB, Stocker T F, EdenhoferO, Ebi KL,
FrameD J,HeldH,Kriegler E,MachK J andMatschoss PR
2010GuidanceNote for Lead Authors of the IPCCFifth
Assessment Report onConsistent Treatment of Uncertainties
Intergovernmental Panel onClimate Change (IPCC), Geneva
4 pp (www.ipcc.ch/pdf/supporting-material/uncertainty-
guidance-note.pdf)

Maurer E,WoodA, Adam J, LettenmaierD andNijssen B 2002A
long-termhydrologically based dataset of land surfacefluxes
and states for the conterminousUnited States J. Clim. 15
3237–51

Maurer E P 2007Uncertainty in hydrologic impacts of climate
change in the SierraNevada, California, under two emissions
scenariosClim. Change 82 309–25

Maxwell RM,ChowFK andKollet S J 2007The groundwater–land-
surface–atmosphere connection: soilmoisture effects on the
atmospheric boundary layer in fully-coupled simulations
Adv.Water Resour. 30 2447–66

Mahlstein I, Knutti R, Solomon S and PortmannRW2011 Early
onset of significant local warming in low latitude countries
Environ. Res. Lett. 6 034009

MeinshausenM,MeinshausenN,HareW, Raper SC, Frieler K,
Knutti R, FrameD J andAllenMR2009Greenhouse-gas
emission targets for limiting global warming to 2 °CNature
458 1158–62

Milly PC,DunneKA andVecchia AV 2005Global pattern of trends
in streamflow andwater availability in a changing climate
Nature 438 347–50

Moss RH, Edmonds J A,HibbardKA,ManningMR,Rose SK,
VanVuurenDP, Carter TR, Emori S, KainumaMand
KramT2010The next generation of scenarios for climate
change research and assessmentNature 463 747–56

Pendergrass AG, Lehner F, Sanderson BMandXuY 2015Does
extreme precipitation intensity depend on the emissions
scenario?Geophys. Res. Lett. 42 8767–74

Piao S, Friedlingstein P, Ciais P, deNoblet-DucoudréN,
LabatD andZaehle S 2007Changes in climate and land use
have a larger direct impact than rising CO2 on global river
runoff trends Proc. Natl Acad. Sci. USA 104 15242–7

PierceDW,Barnett T P, Santer BD andGleckler P J 2009 Selecting
global climatemodels for regional climate change studies
Proc. Natl Acad. Sci. USA 106 8441–6

Reclamation 2013Downscaled CMIP3 andCMIP5Climate and
Hydrology Projections: Release of Downscaled CMIP5Climate
Projections, Comparisonwith Preceding Information, and
Summary of User Needs U.S. Department of the Interior,
Bureau of Reclamation, Technical Services Center, Denver,
CO47 pp (http://gdo-dcp.ucllnl.org/downscaled_cmip_
projections/techmemo/downscaled_climate.pdf)

Reclamation 2014Downscaled CMIP3 andCMIP5Climate and
Hydrology Projections: Release ofHydrology Projections,
Comparisonwith Preceding Information, and Summary of User
Needs U.S. Department of the Interior, Bureau of
Reclamation, Technical Services Center, Denver, CO110 pp
(http://gdo-dcp.ucllnl.org/downscaled_cmip_projections/
techmemo/BCSD5HydrologyMemo.pdf)

RungeMC, Stroeve J C, Barrett A P andMcDonald-Madden E 2016
Detecting failure of climate predictionsNat. Clim. Change 6
861–4

Russo S and Sterl A 2012Global changes in seasonalmeans and
extremes of precipitation fromdaily climatemodel data
J. Geophys. Res. 117D01108

SchallerN et al 2016Human influence on climate in the 2014
southern Englandwinter floods and their impactsNat. Clim.
Change 6 627–34

SchererM andDiffenbaughNS 2014Transient twenty-first century
changes in daily-scale temperature extremes in theUnited
StatesClim. Dyn. 42 1383–404

SchwalmCR,HuntzingerDN, Fisher J B,Michalak AM,
BowmanK,Ciais P, CookR, El‐Masri B,HayesD and
HuangM2015Toward ‘optimal’ integration of terrestrial
biospheremodelsGeophys. Res. Lett. 42 4418–28

Seneviratne S I, DonatMG, PitmanA J, Knutti R andWilby R L
2016Allowable CO2 emissions based on regional and impact-
related climate targetsNature 529 477–83

ShepherdTG2014Atmospheric circulation as a source of uncertainty
in climate change projectionsNat.Geosci.7 703–8

Shi X,Mao J, Thornton PE,Hoffman FMandPostWM2011The
impact of climate, CO2, nitrogen deposition and land use
change on simulated contemporary global river flowGeophys.
Res. Lett. 38 L08704

Smith J B, Schneider SH,Oppenheimer M,YoheGW,HareW,
MastrandreaMD, PatwardhanA, Burton I,
Corfee-Morlot J andMagadzaCH2009Assessing dangerous
climate change through an update of the Intergovernmental
Panel onClimate Change (IPCC) reasons for concern Proc.
Natl Acad. Sci. USA 106 4133–7

Stewart I T, CayanDRandDettingerMD2005Changes toward
earlier streamflow timing across westernNorth America
J. Clim. 18 1136–55

12

Environ. Res. Lett. 11 (2016) 114003

http://dx.doi.org/10.1038/nclimate1261
http://dx.doi.org/10.1038/nclimate1261
http://dx.doi.org/10.1038/nclimate1261
http://dx.doi.org/10.1007/s10584-015-1340-3
http://dx.doi.org/10.1007/s10584-015-1340-3
http://dx.doi.org/10.1007/s10584-015-1340-3
http://dx.doi.org/10.1007/s10584-006-6338-4
http://dx.doi.org/10.1007/s10584-006-6338-4
http://dx.doi.org/10.1007/s10584-006-6338-4
http://dx.doi.org/10.1016/j.jhydrol.2014.02.029
http://dx.doi.org/10.1016/j.jhydrol.2014.02.029
http://dx.doi.org/10.1016/j.jhydrol.2014.02.029
http://dx.doi.org/10.1016/j.jhydrol.2014.02.029
http://dx.doi.org/10.1175/JHM-D-13-049.1
http://dx.doi.org/10.1175/JHM-D-13-049.1
http://dx.doi.org/10.1175/JHM-D-13-049.1
http://dx.doi.org/10.1175/JHM-D-13-049.1
http://dx.doi.org/10.1002/2015MS000437
http://dx.doi.org/10.1002/2015MS000437
http://dx.doi.org/10.1002/2015MS000437
http://dx.doi.org/10.1002/jgrd.50792
http://dx.doi.org/10.1002/jgrd.50792
http://dx.doi.org/10.1002/jgrd.50792
http://dx.doi.org/10.1002/jgrd.50792
http://dx.doi.org/10.1007/s10584-015-1576-y
http://dx.doi.org/10.1007/s10584-015-1576-y
http://dx.doi.org/10.1007/s10584-015-1576-y
http://dx.doi.org/10.1007/s10584-015-1576-y
http://dx.doi.org/10.1002/joc.4447
http://dx.doi.org/10.1002/joc.4447
http://dx.doi.org/10.1002/joc.4447
http://dx.doi.org/10.1016/j.gloplacha.2015.01.003
http://dx.doi.org/10.1016/j.gloplacha.2015.01.003
http://dx.doi.org/10.1016/j.gloplacha.2015.01.003
http://dx.doi.org/10.1007/s00382-010-0746-x
http://dx.doi.org/10.1007/s00382-010-0746-x
http://dx.doi.org/10.1007/s00382-010-0746-x
http://dx.doi.org/10.1023/B:CLIM.0000013692.50640.55
http://dx.doi.org/10.1023/B:CLIM.0000013692.50640.55
http://dx.doi.org/10.1023/B:CLIM.0000013692.50640.55
http://dx.doi.org/10.1023/B:CLIM.0000013692.50640.55
http://dx.doi.org/10.1029/94JD00483
http://dx.doi.org/10.1029/94JD00483
http://dx.doi.org/10.1029/94JD00483
http://dx.doi.org/10.1016/0921-8181(95)00046-1
http://dx.doi.org/10.1016/0921-8181(95)00046-1
http://dx.doi.org/10.1016/0921-8181(95)00046-1
http://dx.doi.org/10.1088/1748-9326/6/3/034009
http://dx.doi.org/10.1088/1748-9326/8/1/014004
http://www.ipcc.ch/pdf/supporting-material/uncertainty-guidance-note.pdf
http://www.ipcc.ch/pdf/supporting-material/uncertainty-guidance-note.pdf
http://www.ipcc.ch/pdf/supporting-material/uncertainty-guidance-note.pdf
http://www.ipcc.ch/pdf/supporting-material/uncertainty-guidance-note.pdf
http://dx.doi.org/10.1175/1520-0442(2002)015<3237:ALTHBD>2.0.CO;2
http://dx.doi.org/10.1175/1520-0442(2002)015<3237:ALTHBD>2.0.CO;2
http://dx.doi.org/10.1175/1520-0442(2002)015<3237:ALTHBD>2.0.CO;2
http://dx.doi.org/10.1175/1520-0442(2002)015<3237:ALTHBD>2.0.CO;2
http://dx.doi.org/10.1007/s10584-006-9180-9
http://dx.doi.org/10.1007/s10584-006-9180-9
http://dx.doi.org/10.1007/s10584-006-9180-9
http://dx.doi.org/10.1016/j.advwatres.2007.05.018
http://dx.doi.org/10.1016/j.advwatres.2007.05.018
http://dx.doi.org/10.1016/j.advwatres.2007.05.018
http://dx.doi.org/10.1088/1748-9326/6/3/034009
http://dx.doi.org/10.1038/nature08017
http://dx.doi.org/10.1038/nature08017
http://dx.doi.org/10.1038/nature08017
http://dx.doi.org/10.1038/nature04312
http://dx.doi.org/10.1038/nature04312
http://dx.doi.org/10.1038/nature04312
http://dx.doi.org/10.1038/nature08823
http://dx.doi.org/10.1038/nature08823
http://dx.doi.org/10.1038/nature08823
http://dx.doi.org/10.1002/2015GL065854
http://dx.doi.org/10.1002/2015GL065854
http://dx.doi.org/10.1002/2015GL065854
http://dx.doi.org/10.1073/pnas.0707213104
http://dx.doi.org/10.1073/pnas.0707213104
http://dx.doi.org/10.1073/pnas.0707213104
http://dx.doi.org/10.1073/pnas.0900094106
http://dx.doi.org/10.1073/pnas.0900094106
http://dx.doi.org/10.1073/pnas.0900094106
http://gdo-dcp.ucllnl.org/downscaled_cmip_projections/techmemo/downscaled_climate.pdf
http://gdo-dcp.ucllnl.org/downscaled_cmip_projections/techmemo/downscaled_climate.pdf
http://((gdo-dcp.ucllnl.org/downscaled_cmip_projections/techmemo/BCSD5HydrologyMemo.pdf)
http://((gdo-dcp.ucllnl.org/downscaled_cmip_projections/techmemo/BCSD5HydrologyMemo.pdf)
http://dx.doi.org/10.1038/nclimate3041
http://dx.doi.org/10.1038/nclimate3041
http://dx.doi.org/10.1038/nclimate3041
http://dx.doi.org/10.1038/nclimate3041
http://dx.doi.org/10.1029/2011JD016260
http://dx.doi.org/10.1038/nclimate2927
http://dx.doi.org/10.1038/nclimate2927
http://dx.doi.org/10.1038/nclimate2927
http://dx.doi.org/10.1007/s00382-013-1829-2
http://dx.doi.org/10.1007/s00382-013-1829-2
http://dx.doi.org/10.1007/s00382-013-1829-2
http://dx.doi.org/10.1002/2015GL064002
http://dx.doi.org/10.1002/2015GL064002
http://dx.doi.org/10.1002/2015GL064002
http://dx.doi.org/10.1038/nature16542
http://dx.doi.org/10.1038/nature16542
http://dx.doi.org/10.1038/nature16542
http://dx.doi.org/10.1038/ngeo2253
http://dx.doi.org/10.1038/ngeo2253
http://dx.doi.org/10.1038/ngeo2253
http://dx.doi.org/10.1029/2011GL046773
http://dx.doi.org/10.1073/pnas.0812355106 
http://dx.doi.org/10.1073/pnas.0812355106 
http://dx.doi.org/10.1073/pnas.0812355106 
http://dx.doi.org/10.1175/JCLI3321.1
http://dx.doi.org/10.1175/JCLI3321.1
http://dx.doi.org/10.1175/JCLI3321.1


Taylor KE, Stouffer R J andMeehl GA 2012Anoverview of CMIP5
and the experiment designBull. Am.Meteorol. Soc. 93
485–98

Taylor RG, Scanlon B,Döll P, RodellM,Van BeekR,WadaY,
Longuevergne L, LeblancM, Famiglietti J S and EdmundsM
2013Groundwater and climate changeNat. Clim. Change 3
322–9

Tebaldi C andArblaster JM2014 Pattern scaling: its strengths and
limitations, and an update on the latestmodel simulations
Clim. Change 122 459–71

Van der Vaart AW2000Asymptotic Statistics vol 3 (Cambridge :
CambridgeUniversity Press)

Vano J A andLettenmaier DP 2014A sensitivity-based approach to
evaluating future changes in ColoradoRiver dischargeClim.
Change 122 621–34

WoodA andMizukamiN2014Project Summary Report: CMIP5 1/8
DegreeDailyWeather andVICHydrologyDatasets for CONUS
National Center for Atmospheric Research, Boulder, CO
(www.corpsclimate.us/docs/cmip5.hydrology.2014.final.
report.pdf)

WoodAW, Leung LR, SridharV andLettenmaier D 2004
Hydrologic implications of dynamical and statistical
approaches to downscaling climatemodel outputsClim.
Change 62 189–216

13

Environ. Res. Lett. 11 (2016) 114003

http://dx.doi.org/10.1175/BAMS-D-11-00094.1
http://dx.doi.org/10.1175/BAMS-D-11-00094.1
http://dx.doi.org/10.1175/BAMS-D-11-00094.1
http://dx.doi.org/10.1175/BAMS-D-11-00094.1
http://dx.doi.org/10.1038/nclimate1744
http://dx.doi.org/10.1038/nclimate1744
http://dx.doi.org/10.1038/nclimate1744
http://dx.doi.org/10.1038/nclimate1744
http://dx.doi.org/10.1007/s10584-013-1032-9
http://dx.doi.org/10.1007/s10584-013-1032-9
http://dx.doi.org/10.1007/s10584-013-1032-9
http://dx.doi.org/10.1007/s10584-013-1023-x
http://dx.doi.org/10.1007/s10584-013-1023-x
http://dx.doi.org/10.1007/s10584-013-1023-x
http://www.corpsclimate.us/docs/cmip5.hydrology.2014.final.report.pdf
http://www.corpsclimate.us/docs/cmip5.hydrology.2014.final.report.pdf
http://dx.doi.org/10.1023/B:CLIM.0000013685.99609.9e
http://dx.doi.org/10.1023/B:CLIM.0000013685.99609.9e
http://dx.doi.org/10.1023/B:CLIM.0000013685.99609.9e

	1. Introduction
	2. Data and methodology
	2.1. Hydro-climate projections
	2.2. Detecting the emergence of significant changes in surface water distributions
	2.3. Decomposition of the detected changes in distributions
	2.4. Analysis

	3. Results
	3.1. Significant changes in seasonal surface water distributions during the 21st century
	3.2. Linkage between global temperature targets and regional surface water changes
	3.3. Statistical decomposition of the significant changes in surface water distributions

	4. Uncertainty and limitations
	5. Summary and conclusions
	Acknowledgments
	References



